//mndl.github.io/

https



https://nndl.github.io/

yaE”kﬁBbu4_j

T B HIEF S

>3“Jﬂ2§u‘§a‘7fﬁ

g e e

> BimiDas

> hi B 4mhY2s

> N% B mhD 23
>R E T

> SRR

> ES R E LT

Ofz 5%

DK 1ESB7A7E

/

(FHEMEZ S5 REF ) 2



THEEES) ( Unsupervised Learning )
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-- Geoffrey Hinton, 2014 AMA on Reddit
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FRk{94934r ( Principal Component Analysis , PCA )
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wEigmig ( Sparse Coding )
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J4Ri5828 ( Auto-Encoder )
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> S E{H1T ( Parametric Density Estimation )
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»IESIZRE(LIT ( Nonparametric Density Estimation )
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BASEAZE (Histogram Method )
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%2 E 1T ( Kernel Density Estimation )
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» & 42 A Generative model
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