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_______________________________________________________________________________________________________________________________________ C_g\fgura! Networks
and Deep Learning

BRSAHS , MEMASRES S, MM AR, wemss
2020 , ISBN 9787111649687
> https://nndl.github.io/
> IRRECELRS]

el

>FIERTR - 3KEE , BhFFIREFS] , ISBN: 978711550888
> https://d2l.ai/ '
> & PyTorch hix

>Bishop, C.M. (2006). Pattern recognition and Machi GG
Learning. Springer. ISBN 9780387310732. Ujan Jisinmn
> W_EBHSR by SEMS
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>Wright, S., & Nocedal, J. (1999). Numerical optimization.
Springer Science, 35(67-68), 7.

*Boyd, S., & Vandenberghe, L. (2004). Convex optimization.
Cambridge university press.
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> HT3BEARF CS224n: Deep Learning for Natural Language
Processing
>https://web.stanford.edu/class/archive/cs/cs224n/cs224n.1194/
>Chris Manning FE1H## B7AIEE IR ZFHREFESIRE

> HrtB 8 K5 CS231n: Convolutional Neural Networks for
Visual Recognition
>http://cs231n.stanford.edu/
>Fei-Fei Li Andrej Karpathy E=ZE % CNN. RNN 7EE{RURBYLY

>IN ARFRZZTHI 73 CS 294: Deep Reinforcement Learning
>http://rail.eecs.berkeley.edu/deeprlcourse/
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>http://speech.ee.ntu.edu.tw/~tlkagk/slide/Tutorial_HY Lee_Deep.pptx

>ZFAE HlEaF ] 2020 7
>https://www.bilibili.com/video/av94519857/
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_ Bengio, Yoshua, Aaron Courville, and Pascal Vincent. "Representation learning: A review
% %" > and new perspectives." IEEE transactions on pattern analysis and machine intelligence
71\ ] 35.8 (2013): 1798-1828.
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- INEXRCMEEZ Donald Hebb ,
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. AAAI 20 / AAAI 2020 Keynotes Turing Award Winners Event / Geoff Hinton, Yann Le Cunn, Yoshua Bengio © » O
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SYSTEM 1 VS. SYSTEM 2 COGNITION

2 systems (and categories of cognitive tasks): Manipulates high-level /
semantic concepts, which can “
be recombined
combinatorially \ l‘ ’
System 1 _ System 2 v

FTHINKINC(
* Intuitive, fast, UNCONSCIOUS, non- N e * Slow, logical, sequential, CONSCIOUS, Sl H
linguistic, habitual ' ' linguistic, algorithmic, planning, reasoning ﬁ, '

* Current DL - * Future DL

humans reason not necessarily machines
as we train as we program them and and
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